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ABSTRACT
The enormous success of microfinance in the past decades has caused the microfinance market to become more and more commercialized. By using panel data of more then 1200 Microfinance Institutions (MFI’s) for the years 1995 until 2008, this study investigates whether commercialization of the microfinance market forces MFI’s to serve richer clients, at the expense of the poor, a phenomenon often referred to as ‘mission drift’. The results show that in the long run, institutions which operate on a not-for-profit approach or institutions which are not regulated, serve poorer clients on average, compared to MFI’s that operate on a commercial approach. In the short run the results show evidence for higher profitability (ROA) as a result of providing higher loans to richer people. To conclude, some evidence for mission drift showed up, however the effect is not very strong, since there is no evidence for higher profitability as a result of higher loans in the long run.
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1. INTRODUCTION
Research question

Since its start in the 1970’s in Bangladesh, microfinance has been very successful in many developing countries all over the world. Rapidly, microfinance promised to be a very effective method of reducing poverty, while on the same time Microfinance Institutions (MFI’s) were able to make some profits. The often called ‘microfinance revolution’ has lead to an enormous growth of the supply of microcredit. As shown in figure 1, growth in borrowers and portfolio has been seen in all parts of the world for the period 2005 until 2007. On average the amount of borrowers grew by 26 percent every year. By the end of 2008, about 100 million people were served by almost 2500 MFI’s. Many poor people everywhere in the world are now able to borrow some money to start up a business and eventually become richer. 

Figure 1 – Growth in borrowers and loan portfolio
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Source: Mix Trend Lines Benchmarks 2005-2007. Data represents medians.
Although the successfulness and the growth of the microfinance market in the past 35 years can be seen as a very positive development, it has its effects on the structure of the microfinance market. On the one side, MFI’s which initially were established as Non Governmental Organizations (NGO’s) operating on a not-for-profit basis turned into regulated banks or other financial institutions. On the other side, regular commercial banks are more and more interested in offering microfinance services, since profits have become possible. 
The successes of microfinance therefore caused the microfinance market to become more commercial and therefore more competitive. Generally, competition induces firms to lower their prices, in order to keep its place in the market. It can thus be expected that borrowers have to pay lower interest rates on their loans due to competition in the microfinance market.   

Normally, from an economic point of view, this would be a very natural phenomenon. However, it is intuitively very easy to see that competition within the microfinance market might have an important negative effect. Namely, due to this increasing competition, MFI’s have to work more efficiently. The increasing competition, might eventually force MFI’s to offer their services at target groups that are not the poorest of the poor anymore. Because their initial target group then carries too much risk, the MFI’s will more and more focus on richer target groups, in order to make some positive, or at least no negative, profits. Increasing competition might thus cause a shift from the initial social objectives to financial objectives. 

The subject of commercialization of the microfinance market and its potential consequences for the poor is a very actual topic. In 1992, the first MFI which underwent the transition into a commercial institution was BancoSol, from Bolivia. In the years thereafter, many MFI’s have followed BancoSol by changing from a not-for-profit into a commercial organization and a lot of them are still in transition right now. Investigating whether or not this process has implications for the poor is of great relevance, because the poor are the main reason for existence of microfinance products and institutions.
Although the topic is very actual and important, there has been very little empirical research on the effect of commercialization and poorness of the target group reached by MFI’s, which is generally denoted as ‘depth of outreach to the poor’. In a study using data of 28 MFI’s from Latin America, Olivares-Polance (2005) investigates whether commercialization induces mission drift. He finds that a higher degree of competition as well as higher Return on Assets (ROA) leads to larger average loan sizes. Cull, Demirguc-Kunt and Morduch (2007) use data of 124 MFI’s to analyze whether mission drift occurs. They find that MFI’s which mostly provide individual loans (opposed to group lending and village banking) realize the highest profits but serve the less poorest clients. Hermes, Lensink and Meesters (2008) use data of 435 MFI’s to provide evidence of a negative relationship between efficiency and outreach to the poor. 
This study contributes to the existing literature by an analysis which is based on the studies performed by Olivares-Polance (2005) and Cull et al (2007). By using panel data about outreach as well as financial performance from more than 1200 MFI’s (starting from 1995 until 2008), provided by the Microfinance Information Exchange (MIX), this study will analyze whether the commercialization of the microfinance market has consequences for the depth of outreach on a worldwide scale. Estimates about the number of MFI’s worldwide vary from about 3500 and by the Micro Credit Summit 2009 until 7000 (Tucker, Miles, 2004). The 1200 MFI’s used are probably not totally representative for the total ‘population’ of MFI’s, because they all have reported their information on a voluntary basis to the MIX, which makes it more likely that these organizations represent the more ‘mature’ and perhaps more sustainable organizations. However, the sample still includes an extensive part of the total worldwide market. Moreover, if an effect of commercialization becomes visible based on the information of these institutions, perhaps the effect will be even stronger for ‘less mature’ MFI’s, which do not report their information. 
The contribution of this thesis is that it is based on more recent data and many more observation than earlier studies (a longer time span and more countries). In addition, this study does not only analyze whether trends become visible in the long run, but also analyzes short run effects as well. 

The central question to answer in this thesis is the following: 

Does commercialization of the microfinance market force Microfinance Institutions (MFI’s) to serve richer people, at the expense of the poor?

This thesis is organized in the following way. First, a short introduction to microfinance is given to inform the reader about the specific characteristics of microfinance and might be relevant for understanding the remainder of the thesis. Thereafter, an analysis of the existing theoretical and empirical literature on the subject of commercialization of microfinance is given. After this, a more thorough analysis of the theory how commercialization might affect the depth of outreach to the poor will follow. Then, after going into detail on the data used, the results of the analyses follow, to finally finish with the conclusions and the remaining discussion. 
An introduction to microfinance
Microfinance consists of not only microcredit, but also other services like microsavings and microinsurance. However, the focus will be on microcredit, since this is the most relevant part of microfinance for this study.

Microfinance as we know it currently is rooted in Bangladesh. There, in 1976 the economist Muhammad Yunus started The Grameen Bank as an experiment, not knowing he would receive the Nobel Peace Prize 30 years later in 2006 "for their efforts to create economic and social development from below”
. Yunus’ main goal was to offer loans to poor people, who were considered ‘unbankable’ by regular commercial banks. With these small loans (microcredit), poor people were given the opportunity to start their own business, which eventually might help them to escape from poverty. Poor people cannot offer any collateral and therefore carry too much risk for regular banks. The Grameen Bank was (and still is) able to offer the very poor loans, because these loans are based on group lending contracts, which take advantage of the close ties of clients within communities. 

The most important feature which makes group lending so successful is joint liability. In group lending, a loan is given to individuals who belong to a group. However, every individual is responsible for repayment of the other group members. If one member defaults, the other group members have to pay off his debt. So the output of the individual members, functions as collateral for the whole group. As long as all loans are being repaid, all members will get new loans. However, all group members are denied new loans if they do not pay off the debt of a defaulting fellow group member. In this way, joint liability creates incentives to repay (because you would not like to let the other group members pay for your troubles), but also to monitor and help the other group members. Furthermore, since groups are established on a voluntary basis, clients will carefully select responsible and reliable group members. 
Beside joint liability, there are some other features which contribute to the success of microcredit. One of them involves the creation of dynamic incentives via threatening to exclude defaulters from future loans and via ‘progressive lending’. The latter means that clients start with very small loans, but they can get bigger loans after successfully repayment of previous credit. Via progressive lending, the lender also builds up some useful information about the clients’ reliability. 
Furthermore, frequent repayment schemes play an important role. In microfinance it is not unusual to start with the first repayment just one week or one month after the initial disbursement, and then continue repayment in weekly or monthly installments. In this way, lenders are warned soon if borrowers are having repayment difficulties. Beside, frequent repayment prevents households from spending the money on other things. Frequent repayment schemes thus make it easier for borrowers to stick to their contract. 
Finally, a remarkable fact is that at the end of 2002, 95 percent of Grameen’s clients were women. Female borrowers seem to be much more reliable than male borrowers, as they are often following more conservative investment strategies. Furthermore, the social impact seems to be bigger when lending to women, since women are overrepresented among the poor and women are likely to be more worried about the health and education of their children than men. Therefore, many MFI’s target their credit specifically at women. 
Figure 2 – Number of MFI’s and borrowers (millions) per region
[image: image2.wmf]Region

Borrowers

MFI's

East Asia and Pacific

18.4

241

Eastern Europe and Central Asia

2.6

259

Latin America and the Caribbean

13.8

714

Middle East and North Africa

2.5

67

South Asia

52.4

606

Sub-Saharan Africa

9.6

533

Total

99.4

2420


Source: The MIX - Gonzalez, Adrian (2008)

After the successes of The Grameen Bank in Bangladesh, microfinance has spread very rapidly around the globe. A recent study (Gonzalez, Adrian, 2008) of The Microfinance Information Exchange (MIX), based on data from the MIX, the Microcredit Summit Campaign (MCS) and the Inter-American Development Bank (IADB), reported that 2420 are serving about 99.4 million clients worldwide currently, as shown in figure 2
. 
2. LITERATURE REVIEW 
The discussion on the effects of commercialization on depth of outreach in the microfinance market is a relatively new one, mainly because the topic was simply not relevant before. Since its start in the 1970’s, modern microfinance has heavily relied on subsidies and loans against low (below market) prices. Crediting the poor to start up their own business has mainly been the field of not-for-profit organizations. Lending money to extremely poor people has long been too risky in the eyes of regular financial institutions, since they cannot offer any collateral. 

However, since BancoSol transformed into a for-profit institutions in 1992, more and more regular commercial banks and financial institutions have shown interest in offering microfinance services, which gave rise to increasing competition and commercialization. One reason for this increased interest could be that offering micro financial products gives a commercial institution a way to show their corporate social responsibility, which has become increasingly important. However, the fact that profits from microfinance investments are more and more possible could be an even more significant reason for commercial organizations to get involved in microfinance. 

The remainder of this chapter will be divided in two parts. First, a theoretical framework based on earlier literature around the topic of competition and commercialization will be developed. After that, a discussion of the relevant previous empirical literature will follow.
Theoretical literature

Christen (2000), analyses commercialization and whether mission drift (involuntary drifting away from the initial mission of reducing poverty) occurs in the Latin American market for microfinance, by using data of more than 200 MFI’s which are active in this region. According to Christen, who was one of the first to address the topic of ‘commercialization’ in microfinance, a commercial approach constitutes of three main principles, which are profitability, competition and regulation. 

MFI’s in Latin America belong to the most profitable MFI’s worldwide. The average return on assets of Latin American was 1.4 percent, while the average return of all the institutions in the world together was -4.5 percent in the same period (1996-1999).

Competition is the second key feature of commercialization and both these variables encourage each other. On the one hand more and more players enter the market as positive returns have proven to be a realistic option in microfinance. On the other hand, as microfinance activity increases, it also gets more attention as a tool to alleviate poverty, spurring governments to develop more microfinance programs, which leads to even more competition. 

As a result of increased competition, the market may reach a so-called saturation point. At this point, MFI’s are competing for the same clients. Christen shows an example of the Bolivian market, which is highly saturated. In 1999, the estimated market penetration rate was 163 percent. This figure which is calculated by the number of outstanding loans as a percentage of the estimated market size indicates that many clients are taking more than one loan simultaneously from more than one MFI. As a result of this, numerous clients have become over-indebted and have to finance one loan with the other. Considering the low loan delinquency levels initially, this is a rigorous downturn for the microfinance market and leads to degraded loan portfolio quality. 

While in the pioneering stage of microfinance, MFI’s agreed on non-compete agreements, by separating markets and neighborhoods, this cartel behavior has made place for normal competitive behavior. This generally means that firms have to be creative in offering new and better products and improve efficiency in order to be able to serve at more competitive (lower) prices. In Latin America, this leaded to two developments: First, over the past decade, there has been a shift from group lending towards individual loans, reflecting clients’ preferences. In 2000, the individual approach accounted for about 90 percent of the Chilean microfinance market. Secondly, in order to make this move towards individual loans possible, MFI’s have been innovative in developing new techniques like credit card services, computer-based credit scoring models and production credit for the agriculture sector. A third development that could be expected is product diversification. However it would be reasonable to expect MFI’s to offer their clients a broader range of financial services, offering credit is still the main activity of most of the MFI’s. 

Commercialization is thirdly characterized by the increasing number of regulated opposed to non-regulated institutions. Regulated MFI’s consist of three groups; first there are financial NGO’s which are transformed into licensed MFI’s and are working under the same legal structure as regular banks or financial institutions. The second group are ‘specially licensed MFI’s’ and consists of credit unions and local non-bank intermediaries. These institutions became licensed under a special law for microfinance in stead of the general banking law. The third (and largest in Latin America) group are traditional banks and finance companies. The fact that regular commercial institutions now have started to operate in the microfinance market is a key feature of increasing competition.

Non-regulated MFI’s consist of NGO’s that did not (yet) transform into a licensed institution and mostly work on a not-for-profit basis. In 2000, 38 percent of the Latin American MFI’s were regulated (reaching 53 percent of the clients); while in 1995 virtually all clients were reached by unregulated institutions. These figures indicate that the commercialization process is running very fast in Latin America. Furthermore, sustainability is a required precondition for being licensed. Therefore it can be assumed that regulated MFI’s have already adopted a commercial approach. 
A consequence of a commercial approach could be that it drives institutions to focus on richer target groups. So due to commercialization, poorer clients might be left behind. Christen shows that regulated MFI’s on average provide larger loans ($803 or 47.2 percent of GDP per capita) than do unregulated institutions ($322 or 23.6 percent of GDP per capita), which could be evidence that mission drift occurs due to commercialization. 

However, according to Christen, larger loan sizes do not necessarily represent mission drift. A larger average loan size could be a result of a choice for a different strategy. For example many of the established Latin American MFI’s did not have the objective of reducing poverty by reaching the poorest of the poor. Instead they wanted to promote small enterprise development, in order to create employment. Another reason for a higher average loan balance could be that loans become more mature. Clients usually start with very low loans and after successful repayments, loans increase gradually as also the size of the micro enterprises grows. 

McIntosh and Wydick (2005) have developed a theoretical model to analyze how competition affects the structure of the microfinance market. In there model there are two different lenders of money. On the one hand there are socially motivated not-for-profit MFI’s. These lenders maximize the numbers of clients (breadth of outreach). On the other hand, there are profit-maximizing moneylenders. The authors show three effects which are expected to happen within the framework of Bertrand competition. 
First, in a situation without grant funding, the only way to reach the poor is to cross-subsidize between the pool of borrowers. So that in fact the more profitable borrowers pay for the loans of the poor defaulting borrowers. However the ability to cross-subsidize reduces when competition enters. As a result, the poorest (potentially least-profitable) borrowers drop out of the market. 
Secondly, a situation where only one MFI is funded by untargeted subsidies, while the other lender gets no subsidies at all, can cause the subsidized MFI to capture the more profitable clients of the market. Therefore, no competition will arise at all. 
Thirdly, if subsidies are targeted (which means that they are explicitly meant to fund the loans of the poorer client), competition in the microfinance market is possible, while still at least some of the poor will receive loans. 
Another effect of competition studies by McIntosh and Wydick comes from asymmetric information between MFI’s, which is likely to increase if the amount of lenders increases as well. The fact that is becomes more difficult for MFI’s to share their information about clients creates incentives for borrowers to take more than on loan simultaneously. This will lower repayment rates and result in less favorable loan contracts for all borrowers. In the end the poorest borrowers will be worse of because they are dropped out of the market again. 

A few important policy implications arise from the model of McIntosh and Wydick. The first suggestion is that a competitive market where financially self-sufficient MFI’s as well as subsidized MFI’s operate together is possible and preferable. The only restriction is that these subsidies are targeted explicitly at the potentially least profitable (poorest) borrowers. However, in practice it is hard to monitor whether a client will be profitable or not, the most practical way would be to subsidize in a geographical way. If only the poor, not yet served areas are subsidized, competitive markets will keep untouched. Another option is to subsidize only certain methodologies which are not attractive for richer or profitable borrowers, for example joint liability lending contracts with typical small loans and high organization costs. 

Empirical literature
Olivares-Polance (2005) performs regression analyses using data of 28 Latin American MFI’s to test for some of Christens (2001) conclusions. Olivares-Polance uses several alternative measurements of the Average Outstanding Loan (AOL), representing a proxy for depth of outreach, as dependent variable. Beside the absolute value of AOL, the author uses the AOL as a percentage of GDP per capita of the poorest 20% (AOL/PCGDP20%), to take income inequality differences into account. As a third dependent variable, Olivares-Polance uses the variable ‘$-years loan/$-years of income of the poorest quintile’. The latter variable takes the average term to maturity of loans into account.
Olivares-Polance tests for the type of institution (NGO or not), age, sustainability (measured by the return on assets (ROA), breadth (number of active borrowers), competition (measured by the level of portfolio concentration, which is the market share of the four largest MFI’s of a country), gender and credit methodology (individual loans as a percentage of all the loans).

In the model using the AOL, Olivares-Polance does not find any significant results. However, in the other two models (AOL/PCGDP20% and ‘$-years loan//$-years of income of the poorest 20%), significant results for the variables age, sustainability (ROA) and competition appeared. The results indicate that the age of the institution suggests a negative relationship: older MFI’s have lower loan sizes, which contradicts with expectations. However the competition coefficient, measured by market share, indicates that lower competition leads to lower loan sizes. So, more competition would lead to larger loan sizes, because MFI’s are looking for more profitable clients. Finally, the sustainability coefficient, measured by Return on Assets (ROA) suggests that a tradeoff between profitability and depth of outreach does exist. 

Cull, Demirguc-Kunt and Morduch (2007) use a database of 124 MFI’s in 49 countries to analyze whether there is evidence for the tradeoff between outreach to the poor and sustainability. Furthermore they question whether ‘mission drift’ has occurred. 

Cull et al. use three dependent variables to measure outreach. First, the average loan size as a fraction of GDP per capita. Secondly they use the average loan size as a fraction of GDP per capita of the poorest 20%, because due to high inequality in some countries, the normal GDP per capita might not give a realistic view of the borrowers’ incomes. Thirdly they use the percentage of women borrowers as a measure of outreach, because women are often poorer than men. 

Simple correlations do not give any significant results for the above mentioned questions. However the authors have disaggregated the data based on three lending methods, which are individual lending, group lending and village banking. Disaggregating the data gave some new insights. They find evidence for ‘reverse mission drift’ for individual lenders: higher profits are associated with higher outreach. However when controlling for size and age, larger (and older) individual lenders tend to reach less poor clients. For village banks and group lenders there is no significant indication for mission drift. However large group lenders score less on outreach compared to smaller group lenders. 

Overall, the results point out that institutional design and orientation does matter in considering tradeoffs in microfinance. Village banks, which have the strongest focus on the poorest borrowers, face the highest average costs and the highest subsidy levels. In contrast, individual-based lenders earn the highest average profits, but do least well on indicators of outreach to the very poor. 
Hermes, Lensink and Meesters (2008) use a sample of more than 1300 observations to analyze whether the tradeoff between outreach and efficiency of MFI’s does exist. They use a Stochastic Frontier Analysis, which makes is possible compare cost efficiency by the costs of a ‘best-practice’ MFI. Hermes et al. created a model in which the dependent variable is a measure of cost inefficiency. The independent variables are measures of outreach and some control variables, which also might have an impact on inefficiency. The first independent variable is the Average Loan Balance (ALB) which is expected to be negatively correlated with inefficiency. Secondly the percentage of woman borrowers should affect inefficiency positively. Thirdly, Hermes et al. control for the type of loan that the institutions mainly provide (individual loans, group loans, village loans and all types). Another control variable is the year, which is included because inefficiency effects might change through the time. The last independent variable is age which could be both negatively and positively related to inefficiency. On the one hand, more experienced MFI’s are expected to be more efficient. However on the other hand, younger MFI’s can take advantage of the build-up knowledge (by trial and error) of older institutions and can thus make a more efficient start. 

Hermes et al. find evidence for a negative relationship between outreach and efficiency. MFI’s with a lower average loan balance are less efficient, according to the authors. Beside they find that MFI’s having more women borrowers as clients, are also less efficient. Furthermore, the results for the control variables indicate that during recent years, MFI’s have become more efficient, which could be explained by knowledge spillover effects. In addition, contrary to expectations, the authors show that group lenders to be more efficient than individual lenders. This result supports the argument that less informational costs are associated with group lending compared to other lending methods. Finally, the age variable confirms the hypothesis that older MFI’s are less efficient. Recently started MFI’s thus take advantage of the build up knowledge of the MFI’s which started in the pioneering stage of microfinance. 
3. THEORY AND HYPOTHESIS 

The central question of this study is whether commercialization of the microfinance market forces MFI’s to serve richer target groups, at expense of the poor. The conceptual model can be described as follows: 
Profits ( More MFI’s ( Competition increases ( Profits decrease ( Mission drift

Profitability has been a realistic option for MFI’s, quite fast after the start of modern microfinance in 1976. Therefore more MFI’s are encouraged to enter the market rapidly. The number of MFI’s has grown by about 40% annually between 1997 and 2002 (Armendariz and Morduch, 2005). 
As the supply of microcredit increases, the market becomes more mature and competition will increase. Eventually, a certain point of saturation will be reached. At this point, most of the people out of the pool of potential clients are served, so MFI’s have to fight for new clients, by offering loans against lower interest rates, which lowers the institutions’ profitability and sustainability. Another consequence of competition is that some clients will take multiple loans simultaneously from different lenders. This might lower the repayment rates, because clients become over-indebted and therefore lower the profitability and sustainability of the MFI as well.
As profitability and sustainability decrease, MFI’s have to drive down costs to stay ahead. Therefore, there is less room for cross-subsidization within the group of borrowers. Eventually, this will force the institution to drop the poorest (most risky clients) and serve a richer target group. Richer clients do not only carry less risk, but also the costs of lending a higher loan are relatively lower. For example, the administration costs of lending ten times 100 dollar compared to one loan of 1000 dollar are much higher.
Hypothesis
The theory described above in combination with the research question of this thesis, leads to the following hypothesis:
Microfinance Institutions (MFI’s) which are more commercialized, serve richer clients compared to MFI’s which are less commercialized. 
Conceptualization and operationalization  
The hypothesis as described above is not yet a testable hypothesis. Therefore, the terms used above will specified and the hypothesis will be transformed into three testable hypotheses using measurable indicators.
Depth of outreach – The depth of outreach, suggest how poor the clients served by the MFI’s are and will be measured by the Average Loan Balance (ALB) per borrowers, under the assumption that poor people take smaller loans than less poor people. The ALB will be divided by the Gross National Income (GNI) per capita to correct for income differences per country.
Commercialization - ‘To commercialize’ can be described as ‘to apply methods of business to for profit’, or ‘to exploit for profit, especially at the expense of quality’
. In this study, commercialization will be referred to as the process of the microfinance market moving out of the not-for-profit environment of NGO’s into a situation where microfinance is supplied mainly by organizations which take on a for-profit approach. 
The analyses will be performed using three factors which indicate whether a MFI operates in a commercial way.  
· The first indicator is the type of MFI, which can be for-profit or not-for-profit. Following the Mix Market, NGO’s and Credit Unions or Cooperatives are considered as MFI’s operating on a not-for-profit basis. Banks, Rural Banks and Non-Bank Financial Institutions are considered as MFI’s operating on a for-profit basis. 
· The second factor is variable which indicates whether a MFI is ‘Regulated’, which means that the MFI is officially licensed by the government. The Microfinance Regulation center defines regulation as: 
“Regulation refers to the set of government rules (including laws, regulations, and their implementation) that apply to microfinance. It aims at overseeing the financial soundness of licensed intermediaries’ businesses in order to prevent financial system instability and losses to depositors”
At first sight, the variable ‘regulated’ might be interpreted as ‘for profit’. However, from Christen (2000) this turns out not to be the case. Regulated MFI’s consists of three groups: financial NGO’s, specially licensed MFI’s (credit union’s and local non-bank intermediaries) and regular banks and financial institutions. Regulated MFI’s can thus be operating on a profit as well as on a not-for-profit basis. However, according to Christen (2000), sustainability is most often a requirement for being licensed. Therefore it can be assumed that regulated MFI’s have adopted a commercial approach. 
· The third factor of commercialization is the realized Return on Assets (ROA), which is defined as the ‘net operating income’ (after tax), divided by the ‘periods average assets’. This variable measures the institutions’ profits which is probably the most straightforward evidence of a commercial approach.  
Now the indicators of commercialization and depth of outreach are determined, the below formulated hypotheses will be tested:
1
Microfinance Institutions (MFI’s) operating on a not-for-profit (NFP) basis have a lower Average Loan Balance (ALB) per borrower than MFI’s operating on a for-profit basis.
2
MFI’s which realize lower Return on Assets (ROA) have a lower ALB per borrower than MFI’s realizing higher ROA.

3
MFI’s which are not regulated, have a lower ALB per borrower than MFI’s which are regulated.
4. DATA AND METHODOLOGY
The panel data used for the analyses comes from the web-based database of the MIX, a global microfinance information exchange platform that offers data from 1995 until 2008 of about 1400 MFI’s. Only the MFI’s for which microfinance activity consists of more than 90 percent of there total activity are included in the analysis. 
The data about the Gini-coefficient and GDP per capita growth, used as control variables comes from World Development Indicators (WDI) database of the World Bank. 
To analyze whether commercialization of the microfinance market has negative consequences for the depth of outreach, regression techniques will be used. The analysis is mainly based on the articles of Olivares-Polance (2005), Cull et al. (2007). However, not all variables are the same, which will be explained below. 

The dependent variables are measures of outreach to the poor, while the independent variables are factors of commercialization of the microfinance market. Beside, some other variables which might have an effect on the depth of outreach are included as control variables. In addition to a model which analyzes whether trends occur in the long run, a model is created to analyze which effects occur in the short run. 
Long run model:
Yi,t  = c + β1*Xi,t + γj=1…n*[C1,i,t + … + C n,i,t]

The long run model will be created three times, each with the same dependent variable Yi,t  (ALB/GNIpc) for institution i, at time t. Every of the three equation has a different independent variable Xi,t (with β1 as estimated coefficient) representing indicators of commercialization (ROA, NFP and Unregulated). 
γj=1…n are the coefficients for the n control variables C (age, number of borrowers, Gini-coefficient and GDP per capita growth) for institution i, at time t.
Short run model:
d(Yi,t)  = c + β1* d(Xi,t)+ γj=1…n*[d(C1,i,t) +… + d(C n,i,t)]

In the short run model, Yi,t  represents the dependent variable (ALB/GNIpc) for institution i, at time t. d represents the first difference or derivative of the variable, for example the variable d(Yi,t) is calculated as (Yi,t - Yi,t-1) and should be interpreted as a change in Yi,t. The short run model is only created for the independent variable ROA and does not represent a trend like in the long run model, but it shows whether variable Y is expected to change positively or negatively when X changes. 
It would not be rational to create the same model for the independent variables NFP and Unregulated since these variables are either 0 or 1 and then d(Xi,t) would be 0 for almost every point, except if an institution transforms during the sample period. Even in this case it would be not be reasonable to expect an effect on the size of the average loan, since an institution has to go to a certain transition process if it transform for example from a not-for-profit institution into a for-profit institution. It cannot have a totally different pool of clients immediately then.  

Dependent variable

ALB/GNIpc - The dependent variable of the analysis is the ‘Average Loan Balance’ (ALB), which is measured as the MFI’s gross loan portfolio (in US dollars) divided by the total number of borrowers. However, because income levels differ per country, the average loan size is measured as a percentage of Gross National Income per capita (GNIpc). Olivares-Polance (2005) also normalizes the average loan as a percentage of per capita income of the poorest 20% of the population to take income inequality in account. However, due to lacking data for much countries and uncertainty about whether measurement methods for this variable are the same in each country this variable is not included. In stead, this study will control for inequality the Gini-coefficient, which will be explained below.
The ALB is a measure of outreach under the assumption that the size of the loan reflects the poorness of the clients, because richer people can take higher loans than poorer people can. So if one MFI shows a higher average loan size compared to another MFI, this indicates that the first MFI is serving richer clients. 
The variable ALB/GNIpc has been transformed by taking the natural logarithm, in order to make the dependent variable normally distributed. 
The average loan size is also used as dependent variable by Olivares-Polance (2005) and Cull et al. (2007). Olivares-Polance (2005) also includes the variable ‘$-years of loan/$-years of income’, which takes the ‘average term to maturity’ into account. However, this variable was not included in this study because data on the average term to maturity of loans is not available. Furthermore, the variable ‘percentage of women borrowers’, which is also used by Cull et al. (2007) has initially been used as dependent variable. However, due to severe data problems (serial correlation) this variable is not included. 
Independent variables

Return on Assets – The first independent variable is the Return on Assets (ROA), measured by the net operating income (less of taxes) as a percentage of the period’s average assets, indicating the degree of profitability or sustainability of the MFI’s. Expectations are that higher returns are established by MFI’s serving richer clients, and therefore, a positive relationship between ROA and the ALB/GNIpc is expected, which has also been proven by Olivares-Polance (2005). Measuring the degree of sustainability using ROA, has its limitations according to Olivares-Polance, because it does not take subsidies into account. However, since no detailed subsidy adjusted data is available, the ROA remains the best alternative variable. 
Type of institution (NFP) - The second independent variable is the type of institution, which is included as the variable ‘Not-For-Profit’ (NFP) institution
. NGO’s and Credit Unions are considered as NFP MFI’s (see list of definitions) while, Banks, Non-Bank Financial Institutions (NBFI), Rural Banks and the category ‘others’ are considered as for profit institutions. 
Institutions which are labeled ‘For Profit’ are expected to focus on sustainability, at the expense of the poorest clients. Therefore, the variable NFP is expected to show a negative relationship with the ALB/GNIpc. This relation would show that NFP MFI’s are targeting at poorer clients, while commercial MFI’s reach less poor clients. Cull et al. (2007) have found that institutional design does play an important role in the tradeoff between sustainability and outreach. However, in the previous literature no evidence has been found for a significant relationship between the profit status and outreach.
Unregulated - The third independent variable indicates whether the institutions are regulated or not
. As regulated institutions are expected to follow a more commercial approach than unregulated institutions, a negative relationship between the variable ‘unregulated’ and the ALB/GNIpc is expected.
Whether regulated MFI’s serve less poor clients than unregulated MFI’s has not been tested in earlier studies. However, based on Christen (2000) who argues that regulation is a crucial aspect of commercialization, the variable ‘unregulated’ will be included in the analyses. 

Control variables

Age - The first control variable is age, measured as the reporting year minus the year of establishment of the organization. The age of an MFI can affect the ALB/GNIpc in two ways. On the on hand, older MFI’s are likely to work more efficient, due to build up (trial and error) experience. Furthermore, the clients of the older MFI’s may have developed their business and therefore require higher loans. However, on the other hand younger MFI’s might gain from the existing knowledge by spillover effects and therefore work more efficient. Earlier research has shown unclear results regarding the age of the institution. Olivares-Polance (2005) found a negative impact of age on the average loan, while Cull et al. (2007) found that older MFI’s (especially individual lenders) tend to reach less poor people. Therefore the expectations regarding the age variable remain ambiguous. For better interpretation of the estimated coefficient this variable is transformed by taking the natural logarithm
. 
Number of borrowers - Another control variable is the ‘breadth of outreach’, measured as number of active borrowers. This variable can also be seen as a measure for the tradeoff between outreach and sustainability, since it is more likely that the more mature, financial sustainable institutions are able to build on a bigger network of clients. Cull et al. have shown that larger MFI’s perform better financially and less on depth of outreach, while Olivares-Polance (2005) did not find any significant results for the total number of borrowers. Therefore, the expected relationship with ALB/GNIpc is a positive one, indicating that ‘breadth of outreach’ and sustainability goes hand in hand. For the same reason of interpretability as the age variable described above, this variable is transformed by taking the natural logarithm.
Furthermore, two country-specific control variables are included, which are described below. These variables are thus the same for every MFI of the same country. 
Gini-coefficient – The Gini-coefficient represents a measure of income inequality and is a number between 0 and 100. A 0 corresponds to ‘perfect equality’ meaning that everyone has the same income and 100 meaning ‘perfect inequality’. The more income is unequally distributed in a country, the more the dependent variable ALB/GNIpc is biased, because the poor who take microcredit earn less the GNI per capita. Therefore, a negative relationship between inequality and the ALB/GNIpc is expected. Beside, the Gini-coefficient has also been transformed by taking the natural logarithm, to improve interpretability of the estimated coefficient. 

GDP per capita growth – The variable GDP per capita growth represents economic growth. As economic growth increases, the aggregate demand will increase and as a result more investment opportunities will arise. Therefore, it is expected that growth of GDP per capita has a positive effect on the ALB/GNIpc.
5. ECONOMETRIC ANALYSES
Descriptive analysis 
The total number of observations is 5945. However, only MFI’s which activity consists for more than 90 percent of microfinance, are taken into account. After selection and removal of a few outliers for the ALB/GDIpc, 4374 observations are included in the analyses. An overview of the number of observations per year is given in the appendix. 
Figure 3 describes some basic descriptive statistics of the variables used in the analyses. The Average Loan Balance (ALB) represents the loan portfolio in US dollars, divided by the number of active borrowers. The smallest loan provided by the MFI’s of the sample was 7 US dollar, while the highest was 999 US dollar. The ALB/GNIpc stands for the ALB divided by Gross National Income in US dollars. The variable Return on Assets (ROA) represents a measure of profitability and is constructed by the net operating income divided by average amount of assets. 
The variable age represents the age of the MFI’s and is calculated as the year of reporting minus the year of establishment of the MFI. The oldest MFI in the sample is 47 years, while the youngest is 0. The variable ‘number of borrowers’, include the active borrowers, which are the borrowers that currently have taken a loan from the MFI. Individuals having multiple loans are counted as only one borrower.  
A few variables are transformed by taking the natural logarithm. Therefore the numbers become much closer to zero and within a smaller range. Consequently, the estimated coefficients will be easier to interpret.
Figure 3 – Descriptive statistics 
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Results

The results of the three estimated long run equations and the short run equation can be found below. Every table shows the coefficient, standard error and the probability values of the long run regression analysis (at trend level) of the indicator of commercialization (ROA, NFP or Unregulated) on the Average Loan Balance divided by Gross National Income per capita (ALB/GNIpc). The third column of the first table shows the regression analysis in which the first difference is used for all the variables and indicates the short run effects.
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The first table shows that in the long run (second column) the ‘Return on Assets’ (ROA) does not have a significant effect on the size of the average loan, which implies that this analysis does not provide evidence for mission drift to occur. 
The control variable ‘number of borrowers’ does significantly affect (P-value < 0.05) the loan size in a negative way. This means that as the number of clients grows, the average loan balance decreases. 
The coefficient for income inequality (Gini-coefficient) indicates a negative effect of income inequality on the size of the average loan (however only at 10% significance level), which suggests that MFI’s in countries where income is less equally distributed, serve poorer clients on average. 

In contrast to expectations, the variable ‘GDP per capita growth’ shows a significant (P-value < 0.05) negative effect on the size of the average loan. However, the coefficient is very small (0.006), so this effect is negligible. 
Finally, ALB/GNIpc with one lag is included. This variable represents the value of the average loan size in the previous time period. The lagged ALB/GNIpc shows a highly significant (P-value < 0.05) positive effect on the loan size, which implies a high degree of autocorrelation. This means that the size of the average loan balance for a big part depends on the size of the loan in the average loan balance in the previous period. So, if the ALB/GNIpc has been high in the previous period, it is very likely that the ALB/GNIpc will be high as well in the current period. 
The third column of table 1 shows what happens in the short run. It shows the results of a regression analysis of the differences of all variables. The result for the variable d(ROA) shows significant (P-value < 0.05) evidence of a positive effect on d(ln(ALB/GNIpc)). This result indicates that the size of the average loan balance is expected increase when profitability increases. 
Furthermore, the results for the control variable d(Age) shows a positive effect (P-value < 0.05), which implies that as an institution becomes older, they will provide larger loans. When an institution becomes older, their clients (and their micro-enterprises) will become older and more mature as well and therefore they require larger loans. 

Finally, the control variable ‘number of borrowers’ significantly (P-value < 0.05) affects the size of the loan negatively. This result implies that as an MFI provides more new loans, the clients served become poorer.   
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The results shown in table 2 represent the results of the effects of the independent variable Not-For-Profit (NFP) and control variables on the size of the average loan (ALB/GNIpc). 

The type of the institution significantly (P-value < 0.05) affects the ALB/GNIpc. The results show that NFP institutions have a lower loan balance on average compared to for-profit institutions. 

The control variable ‘number of borrowers’ has a significant (P-value < 0.05) negative effect on the ALB/GNIpc, which means that as the institution serves more clients, these clients become poorer.
Finally, as also showed in table 1, the variable containing a lag for the ALB/GNI significantly (P-value < 0.05) affects the size of the average loan, which points at a high degree of autocorrelation. It means that the ALB/GNIpc in the current period is mainly dependent on the ALB/GNIpc in the previous period. 
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The results shown in table 3 provide the results for the variable ‘Unregulated’ and control variables on the size of the average loan (ALB/GNIpc). As shown in the second column, the variable ‘unregulated’ has a significant (P-value < 0.05) negative effect on the size of the average loan. This result indicates that MFI’s which are not regulated provide loans to poorer people compared to regulated MFI’s. 

The control variable ‘number of borrowers’ again significantly (P-value < 0.05) affects the ALB/GNIpc in a negative way, which suggests that larger MFI’s serve poorer clients on average. As also shown in table 1, the variable ‘GDP per capita growth’ has a very small but significantly (P-value < 0.05) negative effect on the ALB/GNIpc. 

Finally, the lagged variable of ALB/GNIpc shows a high correlation with the current size of the average loan again (P-value < 0.05).
6. CONCLUSIONS AND DISCUSSION
Conclusions
The central question of this thesis is whether mission drift occurs, that is whether commercialization forces Microfinance Institutions (MFI’s) to serve richer (or less poor) people, at the expense of the poorest target group. 
The results of the previous chapter showed that, in the long run there is no significant effect of the Return on Assets (ROA) on the Average Loan Balance as a percentage of Gross National Income (ALB/GNIpc). However, it does make a difference whether a MFI follows a for-profit approach or whether it is regulated or not. In the long run, Not-For-Profit (NFP) and unregulated MFI’s have significantly lower average loan balances than for-profit and regulated MFI’s. So, there is some evidence for mission drift to occur in the long run. However, the evidence is not very strong, since profits (ROA) are not higher when serving richer clients. In addition, it should be taken into account that the error terms of the analyses do not follow a full normal distribution. Therefore, the significance level of the analyses might not be completely consistent
.
The results of the control variable which contained a lag of the ALB/GNIpc showed that the value of the current average loan balance is mainly dependent on its own previous values. Compared to the coefficient of this lagged variable, other trends found in the long run are very small. Therefore, it becomes more interesting to look at the effect of changes in the short run. In the short run, the results show that higher profits (ROA) are reached by providing larger loans (to richer people). 
The control variable ‘number of borrowers’ showed a negative effect in the analyses of the long run as well as in the short run. There is thus very robust evidence that larger MFI’s provide smaller loans. Although this is in contrast with expectations and findings by previous authors, there might be several reasons for this. For example, it might point at a saturation of the market, therefore only the very poor clients require new loans. Another explanation might be that the bigger institutions are able to provide loans to poorer people, just because they are more sustainable. 
Furthermore, the variable ‘age’ showed a positive significant effect in the short run analysis. In the long run analyses, the effect is positive as well, however not significant. The results that institutions provide larger loans as they become older, suggest that institutions and their clients become more mature. The companies of the clients grow and after successfully repayment of previous loans, they require and get larger loans.
Limitations
The results rely on the assumption that richer people take higher loans on average, than poor people. Intuitively, this is a very plausible assumption, since richer (or less poor) people are not likely to take too small loans and the very poor are not able to take larger loans. However, as Christen (2000) pointed out, a higher average loan balance does not necessarily mean that mission drift occurs. Probably, some MFI’s are not forced to serve richer clients but this might be a choice, for example the MFI’s which started initially in Latin America had the objective to promote small enterprise development, in stead of reaching the poorest people.   
Discussion

Now the results have made clear that there are indications that commercialization does indeed have an effect on the poorness of the MFI’s clients, an important question is whether the tendency towards commercialization is really a threat for the poor and the reduction of poverty. 
On the one hand, a tendency towards higher loans (and richer clients) would not be a desirable situation, because this might undermine the poorest of the poor. Commercialization can force MFI’s to operate on a more profitable basis, even if this was never their intention. For example, if governments decide to cut down subsidies, because they think microfinance has become a sustainable industry. Those MFI’s which have not reached sustainability yet, will be forced to take a more commercial approach which might eventually lead to dropping off the poorest clients. Furthermore, competition can lead to over-indebtedness of clients, because clients are able to take multiple loans from different lenders. Again, targeting richer clients will sound as an appealing solution to the financial problems that come fore as a consequence of a degraded loan portfolio.

On the other hand however commercialization of the microfinance market is likely to be one of the most important reasons why the microfinance has grown so extremely fast in the past decades. If profitability had never been possible, microfinance would not have grown so fast and probably microfinance would not even exist anymore. Furthermore, increased competition has lead to innovative techniques, developed by commercialized MFI’s in order to drive down costs (Christen and Drake, 2001). Another interesting question, also addressed by Hermes (2008), is that it might be possible that commercialized MFI’s (focusing less on outreach) eventually realize higher results regarding poverty reduction at the macro level than NGO’s do. The reason for this is that their activities, in which more money is involved, have a greater impact on the overall level of the economy of a region or country. 

The results should not be seen as an attack on the current trend of commercialization. Moreover, commercialization seems to be an unstoppable process and therefore trying to stop it would not be a realistic option. Nevertheless the results can create awareness about the consequences of commercialization, so that people working in the microfinance field can anticipate on the consequences of a more commercialized market. The following policy recommendations will be helpful for a microfinance market in which commercialized MFI’s can operate in a market next to MFI’s which are still serving the poorest of the poor.
In accordance with the suggestions of McIntosh and Wydick (2005), donors should target their subsidies specifically to loans which go to the very poor. For example, by subsidizing in a geographical way or by subsidizing only specific lending techniques (like group lending), that generally reaches only the poorest clients. 

The problem of over-indebtedness can be overcome credit bureaus. These credit bureaus, which monitor MFI’s and their clients, should then warn the institutions when clients want to take more loans from different institutions. In addition, administration of defaulting clients makes it easier to prevent them from taking future loans from other MFI’s.  
An interesting subject for future research would be whether commercialized institutions perform better or worse regarding poverty reduction than not-for-profit MFI’s. As already mentioned, since commercialized serve richer clients, the effect on the economy at the macro level might eventually be higher than the realized poverty reduction by MFI’s which have a high outreach to the poor. 
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8. APPENDIX
Definitions of MFI Types

Non Governmental Organization (NGO) - An organization registered as a non profit for tax purposes or some other legal charter. Its financial services are usually more restricted, usually not including deposit taking. These institutions are typically not regulated by a banking supervisory agency.
Non Bank financial institution (NBFI) - An institution that provides similar services to those of a Bank, but is licensed under a separate category. The separate license may be due to lower capital requirements, to limitations on financial service offerings, or to supervision under a different state agency. In some countries this corresponds to a special category created for microfinance institutions.

Bank - A licensed financial intermediary regulated by a state banking supervisory agency. It may provide any of a number of financial services, including: deposit taking, lending, payment services, and money transfers.
Cooperative / Credit Union - A non profit, member-based financial intermediary. It may offer a range of financial services, including lending and deposit taking, for the benefit of its members. While not regulated by a state banking supervisory agency, it may come under the supervision of regional or national cooperative council.
Rural Bank - Banking institution that targets clients who live and work in non-urban areas and who are generally involved in agricultural-related activities.
Source: www.mixmarket.org
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Output analyses
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� Source: http://nobelprize.org/nobel_prizes/peace/laureates/2006/index.html


� The actual number of MFI’s might be much higher, since the above figures only include the MFI’s which reported voluntary to the three organizations.  On the other hand, the number of clients is likely to be lower, since it is known that there are borrowers having multiple loans from more than one MFI.  


� Source: http://www.thefreedictionary.com/commercialize


� The variable NFP is included as: NFP = 1, FP = 0


� The variable ‘regulated’ is included as: Not regulated = 1, regulated = 0


� The variable ‘age’ is included as: ln(age+1). Log-transformation makes the numbers smaller, therefore the estimated coefficient will be easier interpretable, because the independent variable also consists of small (relative) numbers. Because some MFI’s have an age of 0, the log of age+1 is taken for all MFI’s.


� This is especially the case for the variable NFP, which has a P-value of 0.04. The other variables have a higher significance level and are therefore more reliable.  
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